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Trénovanie neurdnu s linearnou aktivaciou zodpoveda linearnej regresii



Aktivacia

* Na vystup z neurdnu je mozné aplikovat’
aktivacnu funkciu
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Perceptron

* Neurdnova siet’ z minimalne dvoch plne
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Typické rozmery kernelov: 1x3x3, 3x3x3, 64x3x3, 32x5x5
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Up Sampling
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Autoencoder

Dataset MNIST
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Priklad pouzitia encoder-decoder:
Ofarbenie
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Ofarbenie Sedotonovych obrazkov

Network Architecture
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[1] Chen et al. In arXiv, 2016.
[2] Yu and Koltun. In ICLR, 2016
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Sémanticka segmentacia

Datasety:
Cityscapes www.cityscapes-dataset.com
Caltech lanes www.mohamedaly.info/datasets/caltech-lanes

COCO cocodataset.org
PASCAL VVOC 2012
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ask-RCNN
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DeeplLab v3+
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DeeplLab v3+
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